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Meet Steve

1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19

CYFS

Care

Youth Justice

Income support

Total cumulative 

paid ($1000)

Aged

6 18 37 53 58 71 120 126 127 142

Abuse Findings

Education TertiaryEducation administrative and achievement data

Thanks to James Mansell for this slide (where Steve is known as Marc E Smith): 

https://www.youtube.com/watch?v=oK6T9DsH4SU



Education system modelling

ÅStatistically explain the lived experience of individuals in order to tailor and target 

the right support.

ÅGive us a better understanding of which learners need our support, what kind of 

support they need, and where we can find them. 

ÅInform opportunities to invest, and use our resources to optimise outcomes for 

every learner.

Aims to:

Value Inclusion Trust Control



Using analytics

By aggregating individualsô data currently held across separate datasets, we can 

apply a methodology which allows us to assess and score a range of outcomes, 

based on the gravity of these outcomes and the likelihood they will occur.

Identify likelihood of an outcome

Assess & prioritise risks

Analyse behaviours (causes, options for treatment)

Determine intervention strategies

Plan & implement strategies

Monitor performance 
against plan

Evaluate outcomes



For every increase in qualification level, there 
is a saving to the Crown

Corrections Disclaimer: Cost data is provided by the Finance team in the Department of Corrections. Average daily service costs are based on annual apportionment of direct and total 

service costs per offender per day. It cannot be assumed that aggregating daily costs accurately represents the actual cost of any offender, or the actual cost increase/reduction to be 

expected by an increase/reduction in a particular offender cohort
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The methodology gives us the potential to measure economic, social and 

cultural ROI, alongside fiscal ROI.



We can estimate how likely a child is to 
achieve, and where interventions are targeted
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Risk of non-Achievement (NCEA Level 2)

ART Trade Academy High risk Low risk

Low risk
n = 48,077
average risk = 27%

High risk
n = 6,990
average risk = 76%

Trade Academy
n=1,765
average risk=30% ART

n=1,531
average risk = 41%

Risk predictionLow risk

N= 48,077
Average risk = 27%

Initiative A

N= 1,765
Average risk = 30%

Initiative B

N= 1,531

Average risk = 41%

High risk

N= 6,990
Average risk = 76%



Data for operational use

Big data for analysis

�:�K�H�Q���Z�H���W�D�O�N���D�E�R�X�W���¶anonymised �G�D�W�D�·, we mean information where 

individuals cannot be identified. It can be used for statistical and research 

purposes, by people who have been authorised, to inform policy and 

investment decisions, for measuring outcomes and the development of 

predictive risk models and forecasts.

We use identifiable data in 

specific situations, where 

we have the appropriate 

permissions.

We do:

ÅShare data on a consent basis

ÅShare data where there is statutory authority

ÅWork through others to achieve operational purposes

ÅParticipate in developing the social sector through 

Approved Information Sharing (AISA)

We do not use 

interagency risk 

modelling data to 

identify individual 

children.

We do use statistical 

modelling to help us 

target areas and 

programmes

We use data in different ways at different 

levels of the system


